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General

Face

Pedestrian

Video
Analytics

ADAS/AD

Image classification

Object Detection

Segmentation

Face detection
Landmark Localization
Face recognition

Face attributes recognition

Pedestrian Detection
Pose Estimation
Object detection

Pedestrian Attributes Recognition

Car Attributes Recognition

Car Logo Recognition
License Plate Detection

License Plate Recognition

Object Detection
Lane Detection
Semantic Segmentation

Resnet50, Inception v1, BN-inception, VGG16, SqueezeNet, MobilenetV2

MobilnetV2-SSD, SSD, YOLO v2, YOLO v3, Tiny YOLO v2, Tiny YOLO v3

ENet, ESPNet

SSD, Densebox

Coordinates Regression

ResNet + Triplet / A-softmax Loss

Classification and regression

SSD
Coordinates Regression
SSD, RefineDet

GoogleNet

GoogleNet

Modified Densebox + GoogleNet
Modified DenseBox

GoogleNet + Multi-task Learning
SSD, YOLOvZ, YOLOv3

VPGNet
FPN
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